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¢ Private Information:

hotspot ID, title of the movies that people watch
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What ace we predictang? Whot 15 o

(Responsa \/O\MO\M/P’) e Precision Marketing ____ﬁélACCZSS?
e Find who are our high value e Cost down budget on advertis-ing. e Succeed identifying
customers ? e Sending coupon to high value customers to high value
e y =classifier(x) earn more money. customers by our

{ 1, highvalue customérs predicting model
y —

0, otherwise A \ » (classifiers)
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DATA

BUSINESS DATA-MINING DESCRIPTION

PROBLEM GOAL

PERFORMANCE RECOMMAND-

METHOBS EVAL ATIONS

S

Data Source

foh

B3 Datasets  (by MIGO) Next_spend_bin | B Bt
| L,if nextmonth spend>100 | potspotmes  ooment ype Epsadc
- engagement_data_complete.xIsx r= episoda. nimber
0, otherwise | wpw rnning length
i@  transaction_fact_complete.csv ‘major_migo_genve_bin
High value customersq migo_genre bin
-------- B  download_fact_complete.csv : e _prov,de, bin
: y=0 I y=1 country bin
w....[§  title_description.csv 1 country_group_Local

country_group_Western
Q3 or PR75 T e S
Spend next month > 100 55
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Sac/v\p& Data Set

Soend andl:n; -dbm'

356316022918155 s
356872069917088
357600080717074
357665064423931 |

862880022039426 : ( 1.2§ 1
355874128506515| 2
354797061657618 i 80
id Total_r : content_ty : content_ty - content_typ
ecords : po_Movie : pe_Serial i Episodic wnbov
10027125484396 | o 1 : o 0
353143088232096 :n. 1 n- o-
353720089292046 6 0 1 0
356316022918155 1 o 1 o
356872069917088 6 o 1 0
357600080717074 4 v 0 o
357665064423931 7 1 0 o
357665068667723 6 0 ¥ 0
assossosssssess| 4 oo a T
359083043119257 6 o T o
4594321002008 15 1. o o
86209002209426| g o ' o
355874128506515 " 1 0 6_
| 354797061657618 " o' 1 ob

LR -)

a fola foiia e

iwiQiQ imia

producl ]
hmss id duallncl :

: ngth

GOAL

DATA- w’llN]NG

DATA
DESCRIPTION

top up ! ! transaction paid_transacti - paid_transact : ™ Firstpa : Wookday Weekda

opisode_n : running le : major_migo_
£ gonre_bin

visit_max ion visit_min

nnwmmu'ylnun :

migo_ge : content_pr : countr : country_gro : country_gro

nre_bin :ovider bin @y bin :up_ Local up_Western
1 1 1 1: 0
1 1 1 0 %
1 B 1 o 1
1 1 1 1 0
1 |‘ |‘ 1 0»
1 1 1 1 0
1 1 |‘ 1 0_
1 1 1 1 0
; = s : =
1 1 1 1 o
1 1 il 0
1 1 1 u: 1
1 1 1 1 o
1 1 1 1 0

Tolal |_records

388'28358

content_type_Movie

PE:RFOR MANCE

coumry_ym.p_Regnonal

ECOVIMA\JD—
VAL ATIONS

: customer unique id

otal spend in next month

otal times of payment in a certain month

'blnary pfedlctor (0 1) pasd_tmnsachon vlsit max (- 0 > D)

 the weekday (hat tvansacl the mostina cerlam month

how many times oo visit on that weekday in a certain month

: how many observations include that unique_id in ¢

*** REMARK:

‘ one hot encoding of content type = Movie

one hot encoding of content type = Serial Notation
one hot encoding of content type = Episodic A(hOtSpqt—'d) : # of
s ot observations with
episode number
Iengthofideo ““““““““““““““““““““““““““““ Next_Spend =1/
v
« total # of
binary predlctor (01) —A(mmor genre) (<-0 15 1 observations under
Dinary prediclon (0 Agenrs) .‘fi?‘.‘f:..’?f.‘?’. that genre for a
inary predictor; (0 1) A(content provndev) (<-0 certain hotspot id

‘Eblnarypmdictor (0,1) = Alcountry) (<=0.16 , >0.1

one hot encoding of content type = Local

one hot encoding of content type = Western

: one hot encoding of content type = Regional



DATA

A ———— " N EerRIDTION [T —— = ————— T —— S
BUSINESS DATA-MINING DESCRIPTION S PERFORMANCE RECOMMAND-
PROBLEM GOAL EVAL ATIONS
Features
Traning 1|1d Oct_| Oc Sept hotspot_| hots pros top | trai trans is_E paid| paic is_F| Wei We¢ Tota
e R S 9084345406 125| 1] 105, C00206| 5. 4/255 1| 2| 1| 1| 2| 1| 4| 3| 5
[ rornana Dataset Last month Spend Tol61388378 25 0] 75/C00236 | 4. 4[125 1 1| 1 1| 1| 1| 4 4, 4
: 9162458064 50| 0| 80/C00293| 3| 3/150 1| 1| 1, 1| 1| 1| 7| 3| 3
(2135%*27) (Responsa \/a\rw\bf,e)' [ 9174771827 0| 0| 49/C00226| 5 4269 1 1| 1 1| 1| 1| 6/ 5 5
October_Spend (numerical) Weekday | 9177947545 110| 1/ 105/C00333| 5| 4[175 1| 2| 1| 1| 2| 1, 3 4 5
[ 9182404908 50| 0] 80.C00324| 4, 3220 1| 1| 1 1| 1| 1| 5 5 5
R (9207738493 25| 0/ 25/C00297| 2| 2/ 81/ 1. 1| 1. 1| 1| 1| 3, 2| 2
Training 1 ¢>100 <«— Hotspot Id (9227268667 0| 0/ 0/C00333| 2 1/ 61/ 1 2| 1| 0| 0 0 5 1 2
. 9256539874 25| 0| 80/C00281| 4 3(150 1 1| 1 1 1| 1 6| 4 4
October_Spend_binary
H otspot Id times Traning 2 |id | Nov_Na Oct_ hotspot_| hots proi top | trai trans is_ paid| paic is_F We( We¢ Total

N ber Spenidi( ical) 8699660233 710, 1,393(C00209 | 90| 4 758 1. 10, 1| 1|10, 1.6 59 203
ovember_spenda (numerica : % . 3543900584 80, 0120(C00126| 23| 31225 1| 7| 1| 1] 7| 1| 1 24| 49
major_migo_genre_bin 3531430882 S0 0)640/C00126| 19] 3210 1 13| 1| 1| 5| 1 3 12| 40

raining 2 — | 3523640826 0/ 0/790/C00355 | 34| 5136 1 2| 1) 1| 2| 1] 2/ 34 34

Tra g i >100 7355711799 0 0/440/C00037 [ 10| 4/137 1| 7/ 1| 1| 4/ 1 4/13] 29
country_group_Local 3518110720 200 1] 330/C00125 | 22| 41106 1| 8| 1| 1| 8/ 1 6 8| 27

November_Spend_binary 3569630736 0. 0/400/C00260| 6| 3130 1 10/ 1| 1 S 1 5 8 26

= = 8648250354 50 0)355/C00325 | 24| 6806 1. 11, 1| 1,10, 1 7 7| 24

paid transaction visit max 8662610384 0 0/420/C00357| 6| 41231 8 1| 1/ 4 1 6 9 22
transaction visit max Testing |id Dec | De/Nov/ hotspot_| hots prod top | trai trandis_F paid, paid is_F| Wei Wed Totaf
. < | 3574050608 100/ 0] 545/C00352 | 21| 5/840 1. 9| 1| 1| 9/ 1| 2 7| 21
e " December_Spend (numerical) 5 | 3533170919 105| 1]300/C00337 | 3| 1/300 1 3| 1| 1 3 1| 2 1| 3
, t 8630300306 115/ 1]280/C00306 | 11| 6645 1. 9| 1| 1 8 1 3/ 4 16
eét'tng A as-@t >100 = 8626560366 185, 1| 255/C00343 | 10| 6/582 1. 7| 1| 0 6| 1, 5 6 19
> | 3549310606 0/ 0/240/C00184 | 13| 4(575 1] 4| 1| 1] 2| 1] 7. 7] 13
(538*27) % S | 3583780408 25| 0/ 230/C00369 10/ 4/340 1. 6, 1| 1 6, 1| 4 4 10
December_Spend_binary | 3597346757 25| 0/230[C00275 | 14] 5/409 1] 7| 1] 1] 7| 1| 2 6| 14
| 3599810609 240/ 1 230/C00353 10| 4/301 1. 6| 1| 1| 6, 1 3 5| 10
8630300393 75, 0/230/C00264. 9| 4(300 1. 6/ 1| 1 6 1 4 4 9
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BUSINESS DATA-MINING DESCRIFTION SR PERFORMANCE RECOMMAND-
PROBLEM GOAL EVAL ATIONS

Features @ ok
(Last _month Spend)
Last_month_Spend .
- e Sum over all the Count each of the transaction weekdays for a
Weekday spend for an certain unique_id and pick up the most one
unique_id
Hotspot Id
@(major migo_genre_bin)
Hotspot Id times A OF_TMGO_JERES ¥ Comedy, Drama, Family ...
H . H major_migo_gen.. ‘
. . , Mapping the unique_id : _g gx == e e
major_migo_genre_bin totitle di Adventure g =B
- I 266
engagement_set and I
country_group_LocaI gty ) I 359
then use title_id to map P e
paid_transaction_visit_max the genre in L 2
) . Title_dataset; binning o E— 55
° 0.10 0.1S 0.20 0.250 20 40 60 80 0 100 200 300 400 500 600
Sum/ Count Sum of Next_Spend_bin Count of Next_Spend_bin
o
o (transaction_visit_max)

The last transaction_visit in a certain month
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i hch methods? Gradient Boostang

@Relative Influence Plot

Transaction_visit_max

This_spen

Top_up

hotspot_times

Product_Id_distinct

Paid_transaction_visit_min

<IMPORTANT!

@\/Iarginal Effect Plot (This spend)

xt Sp

DFE

IPTION

Next spend will increase as
this spend increase.

ena

xt Sp

@ Marginal Effect Plot
(

Transaction visit max)

transaction_wvisit_max

Next spend will increase as
transaction visit max

59



----------------- L P ECTLIL] LETTTTEIEREPREETPEERREET STTPERPPEEEREPETEERERERN SEEEEER
BUSINESS DATA-MINING DATA
PROBLEM GOAL DESCRIPTION METHODS

Metiacs: aft Chart

e Why: Cream Skimming
e How: To capture as many responders as we cafi by
advertising just top 20% of customers.

*Compartson:

* After models comparison, we find out that
gradient boosting performs the best.

Top 2 deciles comparison Gradient Boosting Number Captured

F1 Index
32 1800
30 Measure Names
16 W zofl
28 h W avg
26 14 14.00
24
12
22
" oy | 4
[ 20 g 10
s 1800 2 't
18 8.00
*Benchivark /\
16 1500 LYICYUVAL 200
©7.00 7.0 \/7.00 7.00\ 7.00 7.00 7.00 7.00
14 = 324 2
ﬁ Noave Prediction '
12 : 5.00
10
Measure Names . 3.00 3.00
8 9.00 M Gradient Boosting o
Logistic
6 B Random Forest 0
1 2 3 a4 € 7 8 9

Decile 1 Decile 2 Total

PERFORM- [ e o

RECOMMAND-
ATIONS

ANCE EVAL

e Before modeling: 14 high-value customers
e After modeling: 32 high-value customers
e Lift = 2.286 (32/14)

Gradient Boosting Lift Chart

Index

2.571
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RECOMMAND

---------------------- L T e L st CTTTPPEEEPEEPPREREEEREEY FEEPPPEREPPPTrPe

@
BUSINESS DATA-MINING DATA . PERFORMANCE ATIONS
PROBLEM GOAL DESCRIPTION 4 EVAL

Marketing Strategy (What 1s Migojs Next Step?

© ® G | O i e

 TRPLOSERN i PTG s £ b  Evaluate ., decentlift. g, Ifachieve,
those high e 5 : - instead of ; - advertising : : - : : s
e : with 44% 2,135 training - sosteand 20% customers : - take action! :
customer . responders. d'a ta é : v with 60% § e e s
T e, G : | Potental proits;, responders.
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